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[ Abstract] Automatic term recognition( ATR) plays an important role in information research based on content analysis. According to

the current studies on ATR ,the paper raises some questions about ATR including precision and recall problems caused by pre-and -post

filtering , single-word and low frequency term recognition, low field relevance. The paper also provides some trends about ATR including

multi -features fusion, machine learning methods , high-quality and high-relevance field term recognition,new term recognition, semantic

recognition and so on.
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